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e Theorem
u(s,t) d, os)
E[m(s,t +1)]> =< -m(s,t)-| 1- p, (1-p,,)
f(t) -1

o m(s, ) = number of instances of schema sin population at time ¢

o f_(t) = average fitness of population at time ¢

° L](s, t) = average fitness of instances of schema s at time ¢

o P, = probability of single point crossover operator

o D = probability of mutation operator

o / = length of individual bit strings

o 0 = number of defined (non “*”) bits in s

o ds) = distance between rightmost, leftmost defined bits in s

e Intuitive Meaning

o “The expected number of instances of a schema in the population tends toward its
relative fitness”
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propagated generation to generation by giving exponentially
iIncreasing samples to the observed best
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Evolving Neural Networks
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Genetic Programming
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Al w55 b

053 o) 280 3ae 555 X Ssb SI(MS x) move block x to stack
1 K g Flaie &) peail e 3, 23 Jiie () g YL 40 1l
G 2L st 55 Sl x S 8N (MT x) move block x to table
Dlie G geaig) e )3, 25 Jiiie Je da ) O s WL Ssh 5
il Ke P
(EQ x y) returns true if x = y.
(NOT x) returns the complement of x.

DU( x y) do x until expression y is true
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